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Article Info ABSTRACT

Article type: Predictive microbiology is the research field of food microbiologists
Full Length Research Paper  who try to predict microorganism’s behavior in the food matrix with
employing mathematical models. The predictive food microbiology is a
diverse research field with various concepts and applications. Predictive
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equation. A mathematical model is a description of a real system using
mathematical equations. The use of predictive microbiology models has a

Keywords: long history in the fisheries and canning industries. In this regard,
Food safety, describing the kinetics of bacterial death with the help of heat and
Predictive models, removing Clostridium botulinum is one of the common functions of these

Primary models models. Although the first predictive models were presented in the 20th

century, the great development of this research field has mainly been
occurred in the last decades with the emergence of computer software.
Various prediction models are able to predict the growth, inactivation and
growth probability of bacteria in food under diverse environmental
conditions. In this study, three main categories of predictive models
(primary, secondary, and tertiary models) are introduced, and the software
used in this field is also explained.
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